THE GENERALIZED WEIGHTED PROBABILITY MEASURE ON THE
SYMMETRIC GROUP AND THE ASYMPTOTIC BEHAVIOR OF THE
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ABSTRACT. The goal of this paper is to analyse the asymptotic behavior of the cycle process
and the total number of cycles of weighted and generalized weighted random permutations
which are relevant models in physics and which extend the Ewens measure. We combine tools
from combinatorics and complex analysis (e.g. singularity analysis of generating functions)
to prove that under some analytic conditions (on relevant generating functions) the cycle
process converges to a vector of independent Poisson variables and to establish a central
limit theorem for the total number of cycles. Our methods allow us to obtain an asymptotic
estimate of the characteristic functions of the different random vectors of interest together
with an error estimate, thus having a control on the speed of convergence. In fact we
are able to prove a finer convergence for the total number of cycles, namely mod-Poisson
convergence. From there we apply previous results on mod-Poisson convergence to obtain
Poisson approximation for the total number of cycles as well as large deviations estimates.
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1. INTRODUCTION

In this paper we are interested in finding the asymptotic behaviour of the cycle structure
and the number of cycles of weighted random permutations which appear in mathematical
biology and in theoretical physics. More precisely, we define the weighted and generalized
weighted probability measures on the group of permutations .S, of order n as follows:

Definition 1.1. Let 0 € S,, be given. We write C;(o) for the number of cycles of length j
in the decomposition of o as a product of disjoint cycles (see also Definition .
(1) Let © = (01),,~, be given, with 0; > 0 for every j > 1. We define the generalized
weighted measures as

n

1
Pe [0] := I] 65 (1.1)

|
h,n! ot

with h, = h,(©) a normalization constant and hy := 1.
(2) More generally, we define the generalized weighted measures as follows. Let F,
N — R be given for m > 1 with F,,(0) = 1. We then define

Pg [o] := nlh HF (1.2)

with h,(F) a normalization constant. It follows immediately from the definition that
Po [.] = P[] with F,,(k) = 6~ .

When 6; =1 for all j > 1, the measure Pg [.] is the uniform measure on permutations and
these are well studied objects with a long history (see e.g. the monograph [I] for a complete
account). In particular it was proven by Goncharov ([I7]) and Shepp and Loyd (]|26]) that
the process of cycle counts converges in distribution to a Poisson process, that is as n — oo,

(cf’“,c;"), . ) (21, T, ), (1.3)

1

where the Z; are independent Poisson distributed random variables with E[Z;] = —. There
J

have also been further studies to analyze the rate of convergence for

P [(d"),...,o,f”)ﬂ S P(Zhy.. ., )], n — 0

where b is a fixed integer. The above can be interpreted as a result on small cycles. There
exist as well results on large cycles, due to Kingman ([22]) and Vershik and Shmidt ([27])
who prove that the vector of renormalized and ordered length of the cycles converges in law
to a Poisson-Dirichlet distribution with parameter 1. Moreover if one notes

Ko =C" 4+ ..+ W

the number of cycles, then the distribution of Ky, is well known and a central limit theorem
can be proven:
Ko, —logn 4
— 2 3 N(0,1), 14
BT AN (O (1.4

2



where MV (0, 1) stands for a standard Gaussian random variable. In fact one can prove Poisson
approximation results for Ky, — 1 as well as large deviations estimates. For instance Hwang
([19]) showed that for k ~ zlogn,

BiKy, — ] (o8 n)k(—kl equ))('— log n) (F(11+ 5+0 ((logkn)Q)) )

where r = (k — 1)/ logn.
Similar results exist if one considers the more general Ewens measure corresponding to
6; =6 > 0 for all j in equation defining Pg [.]. This measure was introduced by Ewens
10]) to study population dynamics and has received much attention since. In particular
(1.3) and hold with E[Z;] = % and logn replaced with @logn in the central limit
theorem. Estimates on the rate of convergence as well as Poisson approximation results for
Ky, area available as well.
The measure Pg [.] is thus a natural extension of the Ewens measure and besides has a
physical interpretation: indeed such a model appears in the study of the quantum Bose
gas in statistical mechanics (see [7], [6] and [5]). There it is of interest to understand the
structure of the cycles when the asymptotic behaviour of §; is fixed. The case where 0; — 0,
i.e. asymptotically the Ewens case, was also considered in [3]. Another random variable of
interest that we shall not consider in this paper is L, the length of the cycle that contains
1, which can be interpreted as giving the length of a typical cycle, has also been considered
in some of the above mentioned papers. It appeared in these works that obtaining the
convergence in distribution of the cycle process or the central limit theorem for the number
of cycles is a challenging problem. Indeed, there does not exist something such as the
Feller coupling for the random permutations under the measure Pg [.], since in general these
measures do not possess any compatibility property between the different dimensions. The
main important property of Pg [.] is that it is invariant on conjugacy classes, and we shall
exploit this fact.
In a recent skillful paper, Ercolani and Ueltschi ([9]) have obtained, under a variety of
assumptions on the asymptotic properties of the 6;’s, the convergence of the cycle process
to a Poisson vector, as in , with this time E[Z;] = 9]—1 In some cases they obtained an
equivalent for E[Kj,| and in some ”degenerate cases” they proved that the total number of
cycles converges in distribution to 1 or to 1 plus a Poisson random variable. But their method
which is a subtle saddle point analysis of generating functions does not give any information
on the asymptotic behaviour of the different random variables under consideration nor on
the rate of convergence. But on the other hand because the method is general, they are able
to cover concrete cases corresponding to a large variety of assumptions on the asymptotic
behaviour of the 6;’s.
The goal of this paper is to bring a complementary point of view to the approach of Ercolani
and Ueltschi ([9]) and to provide sufficient conditions on the 6;’s, or more precisely on the
analyticity properties of the generating series of (6,,)m>1, under which one has , (11.4)),
estimates on the rate of convergence, as well as Poisson approximation and large deviations
estimates for the total number of cycles Ky,.
Our approach is based on the so called singularity analysis of the generating series of (6,,),>1

and is general enough to deal with the case of the more general measures Pg [.]. The starting
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point is the well known relation

o0 [o¢] 0
hpt" = 1)), with g(t) =) —t"
D hnt" = exp(g(0) with g(t) = 37

which relates the generating series of the sequence (hy,),>1 to that of the sequence (6,,),>1,
and its generalized version for the measure Pg[.] (in fact these formulas will follow from
some combinatorial lemmas which are useful to compute expectations or statistics-e.g. the
characteristic function- under Pr [.]). To obtain an asymptotic for h, as well as an estimate
for the characteristic functions of the different random variables under consideration, it will
reveal crucial to extract precise asymptotic information with an error term on the coefficient
of [t"|[F(t,w)] for F(t,w) = exp(wg(t))S(t, w) where S(t,w) is some holomorphic function
in a domain containing {(t,w) € C?; |t| < r, |w| < #} where r is the radius of convergence of
the generating series g(t). This will reveal possible if one makes some assumptions on the
analyticity property of the generating series g(¢) together with assumptions on the nature
of its singularities at the point r on the circle of convergence. Several results of this nature
exist in the literature (see e.g. the monograph [15]) but the relevant ones for us are due to
Hwang (J20] and [18]). Combining these results with some combinatorial lemmas, we are
able to show that the cycle count process converges in law to a vector of Poisson process as
in , with this time E[Z;] = %—TJ, where we recall that r is the radius of convergence of
the generating series g(t) of the sequence (6,,),>0. We also have a an estimate for the speed
of convergence. We are also able to prove a central limit theorem for Kj,, as well as Poisson
approximation results and large deviations estimates. In fact our methods allow us to prove a
stronger convergence result than the central limit theorem, namely mod-Poisson convergence.
This type of convergence together with mod-Gaussian convergence was introduced in [21]
and further developed in [23]. It can be viewed as a higher order central limit theorem from
which one can deduce many relevant information (in particular the central limit theorem).
More precisely the paper is organized as follows:

e In Section 2l we establish some basic combinatorial lemmas and review some facts
from complex analysis (e.g. singularity analysis theorems and the Lindel6f integral
representation theorem) from which we deduce the asymptotic behaviour of the nor-
malization constant h,, (under some assumptions on the generating function g(t)).

e In Section |3[ we prove the Poisson convergence for the cycle process together with a
rate of convergence;

e Section {4 is devoted to various limit theorems for the total number of cycles Ky,;

e Section [p| contains some examples;

e In Section [6| we prove general limit theorems under the more general measure Pr [..
We shall illustrate these results with the example of exp-polynomial weights and a
toy example of spatial random permutations which plays an important role in physics
(see e.g. []). Here we consider the simpler case where the lattice is fixed. It is our
hope that our methods can be adapted to deal with more complicated cases where
the lattice is not fixed anymore.

2. COMBINATORICS AND SINGULARITY ANALYSIS

2.1. Combinatorics of 5, and generating functions. We recall in this section some

basic facts about S,, and partitions, and at the end of the section state a useful lemma to
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perform averages on the symmetric group. We only give here a very short overview and refer
to [1] and [24] for more details.

We first analyse the conjugation classes of S,, since all probability measures and functions
considered in this paper are invariant under conjugation. It is well known that the conjuga-
tion classes of S,, can be parametrized with partitions of n.

Definition 2.1. A partition A is a sequence of non-negative integers A\y > Ay > - -+ eventu-
ally trailing to 0’s, which we usually omit. We use the notation A = (A1, Ag, -+, ).
The length () of X is the largest | such that \; # 0. We define the size |\ := > \,. We

call X a partition of n if |\| = n. We use the notation

D= D (Jand > ()= > ()

AFn A partition of n A A partition

Let ¢ € S, be arbitrary. We can write ¢ = o7 ---0; with o; disjoint cycles of length ;.
Since disjoint cycles commute, we can assume that A\; > Ay > -+ > \;. We call the partition
A= (A1, A2, -+, \y) the cycle-type of o. We write C, for the set of all o € S,, with cycle
type A. One can show that two elements o, 7 € S,, are conjugate if and only if o and 7 have
the same cycle-type and that the C are the conjugacy classes of S, (see e.g. [24] for more
details).

Definition 2.2. Let o € S, be given with cycle-type \. The cycle numbers C,, and the total
number of cycles Ky, are defined as

Coo = C™ () :=#{i; \; =m} and Ko, = Z cm. (2.1)

The functions C,, and Ky, depend only on the cycle type and are thus class functions (i.e.
they are constant on conjugacy classes).

All expectations in this paper have the form % > es, U(o) for a certain class function u.
Since u is constant on conjugacy classes, it is more natural to sum over all conjugacy classes.
We thus need to know the size of each conjugacy class.

Lemma 2.3. We have
ICx| = 5l with zy == H mem ey and ¢ = (X)) = #{i; \i = m}, (2.2)
2\

m=1

and
l| > ulo Zz—i (Cy) (2.3)
gES, A

for a class function u : S, — C.

Proof. The first part can be found in [24] or in [8, chapter 39]. The second part follows
immediately from the first part. O

Given a sequence (g,)n>1 of numbers, one can encode the information about this sequence

into a formal power series called the generating series.
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Definition 2.4. Let (gn)nGN be a sequence of complex numbers. We then define the (ordi-

nary) generating function of (gn)n N @8 the formal power series

G(t) = Glgn, 1) = Y _ gat™ (2.4)

Definition 2.5. Let G(t) =) ", gut" be a formal power series. We then define [t"][G] :=
Gn, i.e. the coefficient of t™ in G(t)

The reason why generating functions are useful is that it is often possible to write down
a generating function without knowing ¢, explicitly. Then one can try to use tools from
analysis to extract information about g,, for large n, from the generating function. It should
be noted that there are several variants in the definition of generating series and we shall
use several of them and still call all of them generating series without risk of confusion. We
will also later replace (see Section {f) g, by holomorphic functions g,(w). Such generating
functions are then called bivariate generating functions. Again for simplicity we shall still
call them generating functions.

We now introduce two generating functions (in the broad sense) which will play a crucial role
in our study of random weighted permutations under the measure Pg [(.)]. For © = (6,,),>1,
we set

=0 =0

go(t) := Z ?ktk and Geo(t) := exp (Z ftk) (2.5)
k=1 k=1

For now, ge(t) and Gg(t) are just formal power series. We will see in Section (3 and in

Section |4| that the asymptotic behaviour of ™ and Ky, depend on the analytic properties
of go(t), essentially because of the remarkable well known identity (that we will quickly
derive below)

Golt) = i hot™. (2.6)

One of the main tools in this paper to compute generating series is the following lemma (or
cycle index theorem) of which we shall prove a more general form in Section |§| to deal with
the more general measure Pr [.].

Lemma 2.6. Let (ay,)men be a sequence of complex numbers. Then

1 (1 = >
2o (e J =223 (W””‘ )C>‘6Xp @m“’”t) >0

with the same zy as in Lemma[2.3.
If one of the sums in (2.7)) is absolutely convergent then so are the others.

Proof. The first equality follows immediately from the definition of C,,. The proof of the
second equality in (2.7) can be found in [24] or can be directly verified using the definitions of

zy and the exponential function. The last statement follows from dominated convergence. [J
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We now use this lemma to show (2.6)), i.e. Go(t) = >, hnt". We know from (1.1]) that

1 m e el 1
h":HZHQmm:H;Z IHA’":ZZHQA’”‘ (2.8)

c€eS, m=1 m= AFn m=1

I\

It now follows from lemma 2.6 that
I\

i hat" =Y Z%t“' [T 05, = exp (i %’”tm) = Golt) (2.9)
n=1 m=1

A m=1
This proves (2.6)).

2.2. Singularity analysis. If a generating function ¢(t) is given then a natural question is:
what is [t"] [¢g] and what is the asymptotic behaviour of [t"] [g]. If g(t) is holomorphic near 0
then one can use Cauchy’s integral formula to do this. Unfortunately it is often difficult to
compute the integral explicitly, but there exist several other results which allow to achieve
this task. One such theorem is due to Hwang [I8], and we prepare it with some preliminary
definition and notation.

Definition 2.7. Let 0 <r < R and 0 < ¢ < 5 be given. We then define
o= Bolr B, 6) = {2 € C 2] < R,z £ 7, |arg(z — )] > 6} (2.10)

FIGURE 1. Illustration of Aq

Definition 2.8. Let g(t) and 0 > 0,7 > 0 be given. We then call g(t) of class F(r,0) if

(1) there exists R > 1 and 0 < ¢ < T such that g(t) is holomorphic in Ay(r, R, ¢),
(2) there exists a constant K such that

g(t) = Olog (1 -

We shall use the shorter notation g(t) € F(r,0).
7

)+K+O(t—r) fort —r. (2.11)



We emphasize only the dependence on 6 and r since the other constants do not appear in
the main results. We now state an important theorem due to Hwang;:

Theorem 2.9 (Hwang [18]). Let F(t,w) = e*9DS(t,w) be given. Suppose that
(1) Let g(t) is of class F(r,0),
(2) S(t,w) is holomorphic in (t,w) for |t| <r and |w| <7 for some 7 > 0, i.e. S(t,w) is
holomorphic in (t,w) in a domain containing the set {(t,w) € C?;|t| <r, |w| < 7}.

] (F(t,w) = C (i((ng])) +0 (1)> (2.12)

rn n

Then

uniformly for lw| < 7 and with the same K as in (2.11)).

Proof. The idea of the proof is to take a suitable Hankel contour and to estimate the integral
over each piece. The details can be found in [I8, chapter 5. O

Remark:
We use most times w = 1 and S independent of w. One can also compute lower order error
terms if one has more terms in the expansion of g(¢) near r.

A natural question at this point is: how can one prove that g(t) is of class F(r,0)? It is most
times easy to compute the radius of convergence of g(t), but it is not obvious how to show
that ¢(t) is holomorphic in some Ag. A way to achieve this is through Lindel6f’s integral
represention:

Theorem 2.10 (Lindel6f’s integral represention). Let ¢(z) be a holomorphic function for
Re(z) > 0, satisfying

1
|p(2)] < Cel for |2| — oo and Re(z) > 5 with some A €]0,7[,C > 0. (2.13)
Let g(t) := Y 2, &(k)(—t)*. The radius of convergence of g(t) is e~ and
-1 1/2+i00 T
t) = — t* dz. 2.14

Furthermore g(t) can be holomorphically continued to the sector —(m—A) < arg(t) < (m1—A).
Proof. See [12, Theorem 2]. O

In many situations Theorem [2.10] allows us to prove holomorphicity in a domain Ay, but
does not give any information about the behaviour of ¢(t) near the singularity. One way to
compute the asymptotic behaviour of ¢g(¢) near the singularity is to use the Mellin transform.
We do not introduce here the Mellin transform since this would take us to far away from the
topic of this paper. We would rather refer to [13] for an introduction and to [I1l, Section 3]
for an application to the polylogarithm.

Theorem [2.10]is not always so easy to apply and the computation of the asymptotic behaviour
near the singularity is often very difficult. An alternative approach is to combine singularity
analysis with more elementary methods. The idea is to write F' = F}F5 in a way that we

can apply singularity analysis to F} and can estimate the growth rate of [t"][F3]. One can
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then compute the coefficient [t"][F] directly and conclude with elementary analysis. This
method is called the convolution method. We now introduce a class of functions which is
suitable for this approach.

Definition 2.11. Let g(t) and 6 > 0,r > 0,0 < v < 1 be given. We then call g(t) of class
eF(r,0,7) if there exists an analytic function gy in the disc {|z| < r} such that

g(t) = 0log < > + go(t) for t — r with [t"] [go] = O(r "n~ 7). (2.15)

1—t/r
We can now state a singularity analysis theorem corresponding to the class eF(r, 6,~):

Theorem 2.12 (Hwang [20]). Let F(t,w) = eI S(t,w) be given such that
(1) g(t) is of class eF(r,0,7),
(2) S(t,w) is holomorphic in (t,w) for |t| < r and |w| < 7 for some 7 > 0.
We then have
eEnwi=1 S(r w)

EE w)] = —3 I'(6w)

+ Ry, (w) (2.16)

with K = go(r) and

O (I s} i Re(w) > 0

TTL

Ry(w) = L (2.17)
@) "Tlnw), if Re(w) < 0.
uniformly for bounded w.
Proof. See [20]. O
We can now compute the asymptotic behaviour of h,,.
Lemma 2.13. Let go(t) be of class F(r,0) or of class eF(r,0,~). We then have
hin ~ r”%, n — oo. (2.18)

with the same K as in ([2.11)) resp. as in Theorem[2.13

Proof. We have proven that y °  h,t" = Gg(t) = exp(ge(t)). We thus can apply Theo-
rem [2.9 resp. Theorem with g(t) = ge(t) for w =1 and S(t,w) = 1. We get

€K7’L9_1

h Y
Tornl(9)

n — 0o (2.19)

O

Remark:
There exist several other versions of the Theorems [2.9] and Theorems 2.12] For example one
can replace log(1 —t/r) by other functions (see [14]) or allow more than one singularity (see

[15, chapter VI.5].
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3. LIMIT THEOREM FOR THE CYCLE NUMBERS

In this section we establish the convergence in distribution of the cycle process to a vector
of Poisson random variables.

Theorem 3.1. Let b € N be fizred. We then have as formal power series

00 b b
0 .
E . (n) no_ M (eism _ 1)¢m ) 1
nEZO h.Ee |exp (z mE:lsmCm ) t" = exp ( E - (e )t > Go(t) (3.1)

m=1
If gg is of class F(0,r), then

b
exp (z Z smCﬁ,’f)>

m=1

>

Eeo

= exp (g: H’"(ei&n - 1)rm> + 0 (%) . (3.2)

If go(t) is of class eF(r,0,7), then

b b
exp (z Z smC',(,Zf))] = exp (Z %(e“m — 1)7’m> +0 <1oign)> (3.3)

m=1

Ee

The convergence result now follows immediately from Theorem [3.1}

Corollary 3.1.1. Let © = (0,,)men be given and S, be endowed with Pg [(.)]. Assume that
go(t) is of class F(r,0) or of class eF(r,0,7). We then have for each b € N

(.o o) S i ) (3.4)

0

m g1
m

with Y1, -+, Y, independent Poisson distributed random variables with E[Y,,] = %=r™.

Let c1,- -+ , ¢, be integers. We then have for go € F(r,0)
(n) (n) 1
‘P@[Ol :Clj"'yob :Cb:|_P@[Yizcla"',%:Cb]‘:O E
and for go € eF(r,0,7)
1
)P@ [C{") =, .G = Cb} —Po[Yi=cy,--- Yy = Cb]‘ =0 ( Oggn))
n

Proof. The first part follows immediately from Lévy’s continuity theorem. To prove the

second part, we use the Fourier inversion formula. Let t(s1,---,s,) be the characteris-
tic function of Cf”), Cén), - C’IS”) and ¢(sy,--- ,s) the characteristic function of Y7, -+ Y},
Equation ([3.2)) resp. shows that |[¢) — ¢| = O (%) resp. [¢ — ¢| = O (%ﬁ#) with O(.)
independent of s1,---,s4. On the other hand we have

P@ [C}n)zcla"' 7C{En):cb:| —]P)@[Y1201,"‘ 7}/2)266]

1

~ (2n) /[ ]b(l/’(Sla"' ,Sb) — (51,7 ,sb))e_anzliCmSm dsy - - - dsy,

This proves the corollary.
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Proof of Theorem[3.1. We first compute the generating function in (3.1). The factor h, in
(3.1) is necessary to use Lemma[2.6, We have

b b I(A)
h,Eg |exp (@ Z smC’T(,?)> = nhin Z Zi/\exp (z Z smC’,Sf)) H Ox,,
m=1 AFn m=1 m=1
1 ° , (n) o (n)
=) — (H(9m o) ) [T ©.)° (3.5)
n A \m=1 m—b+1
We now apply Lemma with a,, = { z:’e ™ i;fb1<§r:.l <b We get

oo Uey)
> huEe (Bmc™™m) ) [T 6
n=0

b
exp <z Z smC,(,?)>
m=1

=" %t“ (f[

A m=1 m=b+1
b ; 00
0,,e"5m 0,,
= exp Z "™+ Z —tm>
<m:1 m m=b+1 m
by
= exp (Z Em(els’” — 1)tm> Go(t). (3.6)
m=1

This proves (3.1). The proof of (3.2) is very similar to the proof of (3.3). The only
difference is that one has to apply Theorem if go(t) € F(r,0) and Theorem if

go(t) € eF(r,0,~). We thus only prove ({3.2)).

The function anzl b (gfsm — 1)t™ is a polynomial in ¢ and is therefore holomorphic on the

whole complex plane. We can thus apply Theorem [2.9 with

say:smuo:@m<§:%gaw-qﬁm>

m=1

to obtain:

hn]EG

b
exp (z Z smC’,(,?))

m=1

:ﬂﬂ%§%+0($;) (3.7)

For go(t) € eF(r,0,7) we get a similar expression. We have computed in Lemma that

1 . L'(0)

h, " oK1
This together with (3.7) proves the theorem for ggo(t) € F(r,0). The argumentation for
go(t) € eF(r,0,7) is similar and we omit it. O

4. THE TOTAL NUMBER OF CYCLES

We prove in this section a central limit theorem and mod-Poisson convergence for K,. From
the mod-Poisson convergence we deduce Poisson approximation results for K, as well as

large deviations estimates. As before we use generating functions.
11



Lemma 4.1. We have for each w € C as formal power series

Z hnEe [exp(wKo,)] t" = Z h.Eeo |exp (w Z C’m>] " = exp(ego(t)). (4.1)
n=0 n=0 m=1
If go(t) is of class F(r,0), then
: — f(e**—1) K(eis—1> F(e) l
Eo [exp(stan)] n e (F(Beis) + O - (4.2)
with O(.) uniform for bounded w. If go(t) is of class eF(r,0,7), then

Eo [exp(isKOn)} = na(eis_l)eK(eis_l)F(%?s) + O (bi#) (4.3)

with O(.) uniform for bounded w.

Proof. To prove the first part, one can use exactly the same argumentation as in (3.1). We
thus omit the details. To prove the second part, we use Theorem [2.9| for go(t) € F(r,0) to
obtain

) fexp(e"sa ()] = o (g +0 (3)) (1.4

rn n

with O(.) uniform for bounded w. We thus get with Lemma
. etS9— ets F 9 ]_
Eo [exp(isKon)] =n"’ 0K (e 1) (F(G(ei)s) +0 (—)> . (4.5)

n

The argumentation for ge(t) € eF(r,60,) is similar. O
We can now prove a central limit theorem for K,.

Theorem 4.2. Let go(t) be of class F(r,0) or of class eF(r,0,v). We then have

K"g _1(?;?5)(”) 4 N(0,1) (4.6)

Proof. We prove this theorem by showing

exp _isKon )| ei0/108(n) o =05%/2. (4.7)
log(n)

and then applying Lévy’s continuity theorem. Since O(.) in (4.2) resp. (4.3) is uniform in w
on compact sets, we can chose w = ¥/ Ve We get

18 0 (e v 1;;(") —1> is
eXp —K[)n ~ N e exp (9 log(n) (e Vlog(n) __ 1)>

log(n)
18 52
=e flog(n — + 0 (log™3?(n
Xp( 8 )( o) 21og(n) ( g ))
~ eisey/log(n)€—982/2.

E

Eeo
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In fact Ky, converges in a stronger sense, namely in the mod-Poisson sense:

Definition 4.3. We say that a sequence of random wvariables Z, converges in the strong
mod-Poisson sense with parameters A\, if
lim exp(A,(1 —€®))E [e"7"] = U(s) (4.8)

n—o0

locally uniform for each s € R and ¥(s) a continuous function with W(0) = 1.

The mod-Poisson convergence is stronger than the normal convergence in Theorem
since mod-Poisson convergence implies normal convergence (see [23, Proposition 2.4]. Mod-
Gaussian convergence and mod-Poisson convergence were first introduced in [23] and [21].
Details on mod-Poisson and mod-Gaussian convergence and its use in number theory, prob-
ability theory and random matrix theory can be found in [23] and [21].

Theorem 4.4. Let go(t) be of class F(r,0) or of class eF(r,0,v). Then the sequence Ko,

converges in the strong mod-Poisson sense with parameters K+60log(n) with limiting function
1'(9)

T'(fes) -

Proof. This follows immediately from Lemma [4.1] O

Remark:

In fact we could show mod-Poisson convergence with parameter 6 logn instead of K +6logn;
then the limiting function would be slightly modified.

It is natural in this context to approximate K, with a Poisson distribution with parameter
An = K + 6log(n) (or simply A, = 6log(n)). To measure the distance between Ky, and a
Poisson distribution, we introduce some distances between measures.

Definition 4.5. Let X and Y be integer valued random variables with distributions u and
v. We then define

(1) the point metric
oo (X, Y) 1= dioc(p1, V) = sup ln{i} —v{i}| (4.9)
JE€

(2) the Kolmogorov distance
dic(X,Y) = dic(p,v) = sup | {(=00, jl} = v {(=00, j]}| (4.10)
j

Lemma 4.6. Let Pg_g10g(n) be a Poisson distributed random variable with parameter K +
Olog(n). If go is of class F(r,0) then
C1

dioe(Kop, P < — 4.11
loc( Ons K+910g(n)> = 10g<n) ( )
c
dK(KOna PKJrGIOg(n)) < = (412)
log(n)
with ¢; > 0,cy > 0 independent of n. If go is of class eF(r,0,7), then
C3
doc K 'mP og(n S I/ N\ 4].
toc(Kon, Pk 1610g(n)) log (1) (4.13)

13



Proof. Formulas (4.11)) and (4.12) can be proven with Proposition 3.1 and Corollary 3.2 in
2] for x = eEF0los(m)(e®=1) o), (5) = %, ¥,(s) =1 and € the error term in Lemma
We cannot prove (4.13)) with Proposition 3.1 and Corollary 3.2 in [2], since the characteristic
function of Ky, does not fulfill the requested conditions. But we can modify the method in
[2]. We have by the Fourier inversion formula
: : 1 " iJs

p )=} =g [ (6u(6) - auls) ds (4.14)
with ¢,(s), ¢, (s) the characteristic functions of @ and v. The characteristic function of Ky,
is given by (4.3)) and the characteristic function of P tg10g(n is exp((K + 6log(n))(e™ —1)).
We thus get

|]P) [K@n = ]] —P [Pélog(n) = j:| ’

1 I is_ ') log(n)

- ijs (K+910g(n))(e 1) 1 g d
27 /_We ‘ <F(6’e’i5) ) +0 < ny °
[ _ 2 ['0) log(n)

< (K+0log(n))s=/2 1l 4 10

— 2 ), ‘ [(Oet) ot ny
L (M (ko 2 log(n)

<— [ e 08(n)s™/2 15| ds + O

27 —r ny

We are now in the same situation as in the proof of Proposition 2.1 in [2]. One can thus use
exactly the same arguments to get the desired upper bound. We thus omit the details. [

We now wish to deduce some large deviations estimates from the mod-Poisson convergence.
For this we use results from some work in progress [25] which establishes links between mod-*
convergence (e.g. mod-Poisson or mod-Gaussian convergence) and precise large deviations.
More precisely the framework is as follows: we assume we are given a sequence of random
variables X, such that ¢, (z) = E[e**"] exists in a strip —e < Re(z) < ¢, with ¢ and € positive
numbers. We assume that there exists an infinitely divisible distribution with moment
generating function exp(n(z)) and an analytic function ¢(z) such that locally uniformly in z

exp (—t,n(2)) en(z) = ¢(2), n — oo, (4.15)

for —e < Re(z) < ¢ and some sequence t,, tending to infinity. We further assume that ¢(z)
does not vanish on the real part of the domain.

Theorem 4.7 ([25]). Let (X,,) be a sequence of random variables which satisfies the assump-
tions above. Assume further that these and the corresponding infinitely divisible distribution
have minimal lattice N. Assume further that the rate of convergence in is faster than
any power of 1/t,. Let x be a real number such that t,x € N and such that there exists h with
n'(h) = x. Noting 1(z) = hx — n(h) the Fenchel-Legendre transform, we have the following
asymptotic expansion

exp (—t,I(z))

aq as
PIX, = aty] ~ ———2 " (g(h) 4+ — + 2 4. ) ,n— 00 4.16
| ] 2t (h) (d)() t, 12 ) (416)

where has to be understood in the sense that for every integer N, one has

P[Xn:xtn]:%(¢(h)+j—1+...+jjvvj+0(%>).

n n
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The coefficients (a;) are real, depend only on h and can be computed explicitly.

We now apply the above result to the random variable X,, = Ky, — 1 in order to have a
random variable distributed on N. It is easy to see that in this case n(z) = e* — 1, h = logz
and I(z) = zlog z — z+ 1. It follows form Theorem [4.4| and Lemma [4.1| that K, — 1 satisfies

I'(9)
[(e*)I'(0e?)
Stirling’s formula we obtain the following large deviations estimates (the case K = 0 and
6 =1 corresponds to the result of Hwang [19]).

the assumptions of the above theorem with ¢(z) = and ¢, = K 4+ 6logn. Using

Theorem 4.8. Let X,, = Ky, — 1. Let x € R such that t,x € N, where t, = K + flogn.

Then
tk () 1
PX, =at,)=e¢ "2 === +0(— ) ).
o=t = (e © (7))
Remark:
In fact one could obtain an arbitrary long expansion in the above above theorem.

5. SOME EXAMPLES

In this section we consider some examples of sequences © and check if gg(t) is of class F(r, )
or of class eF(r,6,7).

5.1. Simple sequences.

5.1.1. The Fwens measure. The simplest possible sequence is the constant sequence 6, = 6.
This case is known as Ewens measure and is well studied, see for example [I]. We have

1
We thus have go(t) € F(1, 9) and our results apply.
5.1.2. The condition y ~_ 9‘ < 0o. We have for ¢t — 1 and [t] <1

Hm 1 O — 0,
g@(t)_zgt 910g<1_t)+z - t

_ m=1

| =0 O — 0,
—Qlog(l_t)—f—z — + (" 1)

m=1 m=1

_Glog(lit> +Zemw:8+o(1). (5.2)

It is clear that ge(t) € eF(1,0,7) if we assume |0, — 0] = O(m~7). It is not clear from
(5.2) if go(t) € F(1,0) or not, even when one can extend ge(t) holomorphically to some
A(L,R,¢). If a holomorphic extension is available, then one can modify Theorem [2.9) by
replacing O(t — 1) by o(1) in the definition of F(1,6). The only difference in the result is
that one has to replace the error term O (n) in - 2.12) by o(1). We do not prove this here

since one only has to do some minor changes in the proof of Theorem 2.9
15



5.1.3. The condition Y>>, |0 — 0] < co. We have for ¢ — 1 and [t| <1

1 X =0 O —0
g@(t)zﬁlog(:>+z — +> ("~ 1)

m=1 m=1
(&%) m—1
m_ k
—o () + 3 >t (5)
1 > em—e
= 0log (1—_t> +m21 —— +0(t-1) (5.3)

As before go(t) € eF(1,0,7) if we assume |0,,—60| = O(m™7). If go(t) can be holomorphically
extended to some A(1, R, ¢), then shows that ge(t) € F(1,0) (if we have an asymptotic
expansion near 1 in A(1, R, ¢)).

5.1.4. The sequence 6,, = e > and Y ~_, % < o0 or Yy ¥ la, —al < oco. Both
conditions on a, ensure that e~ —e~ | < Cla,, —al. One can use the same argumentation
as above to see that in the first case

1 X, emam _ g
t)=e 1 _— 1 4
solt) =g (15 ) + 30 T et (5.4
and in the second case
1 T, emm _ o
t) =e 1 _ t—1). .
golt) =g 15 ) + 3 T 00— (5.5)

This shows that we are in the same situation as in Section [5.1.2] and Section [5.1.3
5.2. polylogarithm. Let 6,, = m° with  # 0. We then have

[e.9]

. 1 m
Lij, s :=go(t) = Z m1+5t . (5.6)

m=1

The functions Lij, s are known as the polylogarithm. A simple computation shows that the
convergence radius of Lij s is 1. It was shown by Ford in [16] with Theorem that the
polylogarithm can extend holomorphically to the whole complex plane split along the axis
R>;. The asymptotic behaviour of Li; ;s near 1 can be computed with the Mellin transform.
This has been done in [I1], Section 3]. We just state here the result.

The case § = 0 is trivial since we then have Li; = —log (ﬁ)

Ifoe{1,2,3,---}, then
Lijzs =C(0+1)+0(t—1) (5.7)
and for 0 ¢ {0,1,2,---}
Lijy s =T(=0)(1 = t)° +¢(0+1) +O(t — 1) (5.8)
For 6 > 0 we can apply Theorem [2.9] but the main term in the asymptotic expansion is 0.
If 6 < 0 then Lijis is not of class F(r,0) nor of class eF(r,0,v). This shows that we
cannot apply Theorem nor Theorem [2.12 Ercolani and Ueltschi have shown in [9]
that Ky, converge for § < 0 in distribution to a shifted Poisson distribution (without re-

normalization) and for 6 > 0 they have shown E [Kj,| ~ AntH . Tt is not yet known if K,
16



converge in distribution (after re-normalization). The method of Ercolani and Ueltschi bases
also on generating functions, but they use the saddle point method to extract the asymptotic
behaviour of [t"][g]. In this way they can have weaker assumptions on the sequence ©, but
do not get information on the error term.

5.3. 0, = exp(em?). A simple computation shows that the convergence radius r of ge(t) is

1 ife<1,
< oife=1
0 if # > 1 and c > 0,
oo iff>1landec<0
We can not apply our method for > 1 and for § = 1 we have gg(t) = —log(1 — te®). We
thus restrict ourselves to 6 < 1.

Lemma 5.1. For 0 < 1, the function go(t) can holomorphically extended to the whole
complex plane split along the azis R>;.

Proof. As simple computation shows that 5

—expicza)‘ < Cexp(Al|z|). This shows that

2| < 9 exp(|e#f°) for Re(z) > 3. Since

0 < 1, we can find for each A €]0,7[ a C > 0 with

we can apply Theorem [2.10 with ¢ = M. O
We now determine the asymptotic behaviour near 1.
Case 0 < 0
We have
g@(t) = Zexp cm Z Z k" k@ ltm Z ]{;'Lll k:6 (510)
m=1 k=0 m=1

We know the expansion of each summand near 1, but we have to justify that we plug them
in. We first look at the case [t| < 1. We use the same argumentation as in (5.7 to see that

>t =S DY (Ztk)
_E:nﬂk,+0<u—4)§ig;> (5.11)

with O(.) uniform for —k6 > 2. We thus can this put into and get for [t| <1
1
go(t) = log<1 t)+K+O(t—1)f0rt—>1,|t!<1 (5.12)

One can now use the same argumentation as in [I1, Section 3] with the Mellin transformation
to see that the expansion is also valid for ¢ in some A,.

Case c<0,0<6<1
In this case it is easy to see that go(t) = K + O(1 —t) for t — 1. We thus cannot apply

Theorem nor Theorem [2.12, This case was also considered by Ercolani and Ueltschi.
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They have shown that Ky, converge as in polylogarthm case in distribution to a shifted
Poisson distribution.
Case c>0,0<6<1

The behaviour of Ky, in this case is an open question.

6. THE GENERALIZED WEIGHTED MEASURE
In this section we introduce the generalized weighted measure. This is defined as

Definition 6.1. Let F,, : N — Ry be given for m > 1 with F,,(0) = 1. We then define

H Fm (6.1)

PF[

with h,(F) a normalization constant.

It follows immediately from the definition that Pg [.] = Pg [.] with F,, (k) = 6F,.

Our approach has been based so far on generating functions, and more especially on Lemma
It is obvious that Lemma cannot be used anymore for general functions F},,, but we can
prove a more general version of it:

Lemma 6.2. Let A,, : N — C form > 1 be given with A,,(0) =1 for m > 1. We then have

as formal power series

Al

Z Ly 1] (A HEG( —> with BEG(A, t) Z o Alk) . (6.2)
2

m=1
with C’m = C(N) as in Definition
Proof. We have

1 - | [ S I e

—t" A, (C) = m=1

An A n];[l( ( )) c1 zc;LeN Hm 1C 'mcm
S0y mem=n

- > I ( >cm. (6.3)

We get
Al Al c 00 o) k
Am(cm) (7N A (k) [tm
Al m(Cm) (17 B m t
m=1 (em)p=1, Mm=1 m m=1 \k=0
e L Mem <00
o tm
= [ EG <Am, > (6.4)
m=1
by definition of EG(F,t). O

18



As before we can write down the generating functions for the cycle numbers and for K,:

Theorem 6.3. We have

it”hn(F) = ]O_o[ EG (Fm g) . (6.5)

Ifbe N and s1,--- , s, € R are fived, then

[e%S) b b b

Lt tm
> t"h(F)E |exp (ZE :smC}:)) =[] Ec (Fm,e”’"E> [[ EG (Fmg) (6.6)
n=0 m=1 m=1 m=1

and for each w € C

o [o.¢] tm
t"h,(F)E Ko, = EG | F,,,w— 6.7
S (lesp (et = T 26 (£ ) (6.7)
Proof. The identity (6.5]) follows from by choosing s; = -+ = s, = 0. It is thus enough

to prove . We have

S ha(F)Ex

b
exp (z Z smC'f)f)>

b n
t" = Z Z—l)\tp‘l exp (z Z smC’f;)> nl__[l F.(Cn)

m=1 A m=1
1 b - (N
— Z Z_tl>\| (H(ezsm)cm Fm(Cgf))> H Fm(cgl))
A A m=1 m=b+1
(6.8)
We now use Lemma [6.2] with
~ (em)EE,(K), if1<m <b;
Antiy = { g B0 s 69
A simple computation then shows that
EG (Am, t—) = EG (Fm e“mt—) (6.10)
m m
for 1 < m < b. This proves . The proof of (6.7)) is similar. 0

We have thus found the generating functions in this general setting. To get the asymptotic
behaviour as in Section [4 and Section [3] we need some analyticity assumptions. We now
give here some examples

6.1. exp-polynomial weights. Suppose that a polynomial P(t) = 6t + ZZ:Q bit* is given
with b, > 0 and 8 > 0. We then define F;,, implicit by the equation
EG(F,,,t) = exp(P(t)). (6.11)

It is easy to see from (§6.11)) that F,,,(0) = 1 and F,(c) > 0. The functions F,, thus generate

a probability measure on S,,. We do not need an explicit expression for F;, since we are only
19



interested in the asymptotic behaviour of C),, and Ky,. We have for |t| < 1:

Sen= Lo (¢ () -0 (o (S 5) 202 (5) )

m=1 m=1

d
= exp <—910g(1 )+ bkLik(tk)> (6.12)

k=2

with Li(¢) := >0 L. We get that —0log(1 —1) + S, Lig(t%) is of class F(6,1) and we
can apply Theorem [2.9] It is now obvious that we get in this situation the same asymptotic

behaviour as for the Ewens measure.

6.2. Spatial random permutations. The measure in this section comes physics and arises
from a model for the Bose gas and has a connection to Bose-Einstein condensation. We give
here only the definition and a very brief idea of the model behind, but avoiding further
details. We refer to [4] for a more comprehensive overview.

We follow here the physicists notation and write 6,, = e=*. Let £ : R — R be a continuous
function and A be a lattice in R? be given. Assume that for all k € A.

0<e .= / —E@)gm2mi<ke> dy - and Z “® < 0. (6.13)
Re keA

We then define

F(c) = F%9(¢ (—amz - k>m) : (6.14)

keA
The functions F\™ are well defined since there exists only finitely many k € A with e=<®)m >
1. As before, we use h,, = hna ) for the normalization constant.
We now describe the physical model behind this. Let D be a fundamental domain of R?/A
and 1, ,x, be n particles in D. The function £ plays the role to penalize certain config-
urations of the x;. More precise, the probability of a given configuration is defined as

— eXP ( Zf o(m)) — Z C’mam) : (6.15)

where dx is the normalized Lebesgue measure on D. The probability measure P, 4.[.] now
induces a probability measure P,,[.] on S,, (by averaging over D). It is not obvious, but it
can be proven that P,[.] and Pg [.] are the same measures, see [4, Proposition 3.1].

P,z [0, dz] =

We now compute the asymptotic behaviour of C,, and K, with respect to this measure.
The lattice in [4] depends on n and is so chosen that the density p := |nﬂ is fix. We assume

here that the lattice A is independent of n. The reason why we do this that we need in our
20



approach that the weights are independent of n. We define

@) = § 6.16
g' () mzl - (6.16)
=3 g @My =" Z m(gme(k)ym (6.17)

keAd keA m=1

The functions ¢(®(t) and g{®%(t) are both formal power series in ¢ since by assumption
e~) > (0 and the coefficient of each ™ is finite.

The function g(®)(t) agrees with ge(t) for © = (e=*) . The difference to the Section
and 4 is that ¢(*€(¢) will play role of ge(t) and not ¢(® (), i.e. the asymptotic behaviour of
C,, and Ky, depends directly on the analytic properties of g(®%) (see below).

We use the same argumentation as in the previous sections to get the asymptotic behaviour
of ), and Kj,. We begin with the generating functions:

Theorem 6.4. Assume that)_, . e~ (k) is convergent. We then have the following identities
(as formal power series)

GOO(t) == t"h0) = exp (g*9(t)) (6.18)
n=0
b
n Smc(n _ r(x8) is ﬁ —am —e(k)ym
Zth [ }—G (t)HeXp ((e 1)m e Ze
m=1 keA
(6.19)
Z h{“OR exp wKOn)} t" = exp (wg(“’g) (t)) . (6.20)
n=0

Proof. We begin with (6.18). We have

"\ = Fulo) (t™\° 1 [t —e(k)m )
EG(Fm’m>_; c! (m> _z:c!<m6 Ze (6.21)

Thus

m=1 m=1 k’€1\
< eN 1 ) ( eN ( )
k) m= k



The above expressions are formal power series since g{®%(t) is a formal power series. This
proves (6.18). We have

EG (meg) = exp <w1 ( —om %e—e m)) (6.23)

The identities (6.19)) and (6.20) thus follow immediately from Theorem [6.3] O

The next step is to obtain the asymptotic behaviour of C,, and Kg,. For this we have to
assume some analytic properties. In this context, it is natural to assume that ¢(® is of class

Fla,r).
Lemma 6.5. Let g be of class F(a,r). We define

7 := min {ee(k), ke A} and A = # {k‘ e A, e® = 77} . (6.24)
Then g9 (t) is of class F(Aa,7r).

Proof. We have by assumption that ¢g(® is holomorphic in Ay(r, R, ¢) for some ¢, R. Thus
g (e=<Mt) is holomorphic in e“® Aq(r, R, ¢). This shows that g(*¢)(t) is a sum of functions
holomorphic in 7Aq(r, R, ¢). We thus have to show that the sum is convergent. We have
19 (t)| < Cy|t| for |t| < r/2 since by assumption ¢(®(0) = 0. Let ¢ in 7Aq(r, R, ¢) be ﬁxed
Since the }, _» e~“) is convergent, there are only finitely many k € A? with |t|e c(k) > 7‘
We thus get

g (1)) = <Co+ Y Cile Mt < Co+ Cilt] > e ®] < 00, (6.25)

keAd keA

Zga) —e k)t

keA

This proves that ¢(®% (¢) is holomorphic in 7Ay(r, R, ¢). The other statements are clear. [

We now apply Theorem [2.9] to obtain:

Theorem 6.6. Let ¢\ be of class F(a,r) and 7, A be as in Lemma. We then have for
each b € N

<C£n)a Cz(n)7 e Clgn)> i (}/17 T ,Y;)) (626)
with Y1, -+ .Yy independent Poisson distributed random variables with

E[Y,,) = m ( Ty e k>m> (6.27)

keA

Proof. The proof of this theorem is the same as the proof of Theorem One only has to
use Theorem [6.4 and Lemma [6.5] We therefore omit the details. O
Theorem 6.7. Let '™ be of class F(a,r) and 7, A be as in Lemma . Then Ky, converges
in the strong mod-Poisson sense with parameters Aalog(n) with limiting function F{é:i)s).
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